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different object types
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Study on Forest Classification Based on Object Oriented Techniques

GUO Yage', YU Xinfang®,JIANG Dong?, WANG Shikuan® and JTANG Xiaosan'
(1. The College of Resources and Environment Science, Nanjing Agriculture University, Nanjing 210095, China;
2. Institute of Geographic Science and Natural Resources Research , CAS, Beijing 100101, China )

Abstract: Since vegetation is an important indicator of global climate change, then the way to extract vege-
tation changing data should be put as the top priority. Especially, the extraction of sub-category informa-
tion of forest vegetation has always been a difficult point in remote sensing image classification. And it is
more difficult to extract sub-category information of the forest vegetation type only by taking advantage of
the spectral information. As a widely-used method, object-oriented classification has been rapidly devel-
oped from the beginning of this century. Object-oriented classification method is mainly used in high-reso-
lution remote sensing imagines, and it is applicable to medium resolution remote sensing images. This pa-
per took Mentougou District, Beijing, which is mainly covered with forest vegetation, as the object of this
research, and took HJ-1 image as the main data source then different buildings can be extracted by using
the object-oriented classification method. By the reason of complicated terrain in this district, a hierarchi-
cal segmentation method was proposed in this research. Then different segmentation parameters could be
set according to different buildings. Based on the spectral characteristic of the vegetation, appropriate
characteristic parameters could be chosen and subordination function is constructed. After then, land cov-
er types in this district could be extracted step by step and at the same time could be compared with those
by the traditional maximum likelihood method. The result indicates that extraction accuracy of the forest
vegetation sub-category data in this Mentougou District is 83% by using the object-oriented classification

method. Compared with the traditional method, the extraction accuracy has been boosted a lot.

Key words: eCognition; object-oriented classification; multi-scale segmentation; maximum likelihood



