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Abstract: The international relations are intricate and ever-changing since the 21" century, and have brought
profound changes to the world's economy, security, and diplomacy. These changes have had a major impact on
China's internal and external policies. A comprehensive and timely analysis of international relations and its
changing characteristics has important reference value for China's economic and diplomatic development
planning. The analysis of international relations has spatio- temporal characteristics, and it needs real- time
processing. Thus, it needs to introduce the methods of spatio-temporal big data analysis to analyze international
relations. Traditional mass media such as news, radio, etc. record all kinds of events happening in the world. It
contains a wealth of information. Compared with social media data recording personal activities, it is more
suitable for large-scale and long-term analysis of human society. The Global Database of Events Language, and
Tone (GDELT) is a free and open news database which monitors news from print, broadcast, and online media in
the world, analyzes the texts and extracts the key information such as people, place, organization, and event. This
paper researches the network characteristics of GDELT based on theory of complex network and further analyze
the relations between countries. Firstly, this paper constructs national interaction networks using GDELT, then
analyze the interaction relationship between countries through network characteristic statistics, and finally detect
the time series changes of the national conflict event interaction network. The results show that: (1)The National
interaction network has scale-free characteristics, the interaction between countries is unevenly distributed from
a global and local perspective. Very few countries have lots of interactions while most countries have very few
interactions, and one country has lots of interactions with a few countries while a few interactions with most
countries. (2) Sudden changes in the national interaction network of conflict events often indicates some
significant national conflict events. This paper can provide a new perspective for the exploration of international
relations and a reference for the analysis of news media in the era of big data.
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Tab.1 Example of data in event database

ActorlGeo_CountryCode Actor2Geo_CountryCode
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TR 8 B 1R s RS
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Tab.2 Example of data in global knowledge graph

A Iha
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4 1#United States#US#US#39.828175#-98.5795#US; 1#Russia#RS#RS#60#100#RS
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Fig. 1 Network constructed by example data
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Tab. 3 Topological characteristics of national interaction network
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Fig. 2 CCDF of node strength in national interactive network under double logarithmic coordinates
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Fig. 3 Top 20 countries of node strength in national interaction network in December, 2017
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Fig. 4 CCDF of edge strength of countries connected to China under double logarithmic coordinates
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